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Abstract. Evidence-based policy-making in public procurement depends on high-quality data. 

This case study evaluates 14 months (Nov 2023–Jan 2025) of procurement records from the EU’s 

Tenders Electronic Daily (TED) to assess the reliability of this key data source. Our analysis uncov-

ers significant anomalies in data accuracy and governance, raising concerns about the integrity of 

procurement processes and the policies built on them. We highlight the urgent need for improved 

data governance to support transparency, accountability, and innovation-driven procurement.
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1. Introduction

Public procurement plays a key role in policy-making by directing demand that can drive innovation among

suppliers (Amann and Essig, 2015; Bleda and Chicot, 2020). Effective and fair procurement depends on ac-

curate assumptions about market structures and behavior, which require systematic analysis of reliable data.

OpenGovernmentData (OGD) frome-procurement portals provides a valuable basis for such analysis, offering

insights into supplier participation, market dynamics, and procurement trends. Although OGD can improve

transparency and efficiency, concerns about data quality may limit its usefulness (Zuiderwijk and Janssen,

2014). This study addresses the following research question: ”How good is the data quality of data provided

by e-procurement portals?” We analyze public procurement data from a European OGD platform, focusing

on tender awards and contract notices. The aim is to assess data quality and inform evidence-based policy-

making. Our findings point to the need for more consistent data maintenance, including clear standards and

controls for publishing procurement data.

2. Relevant Theory & Literature

The intersection of OGD and e-procurement has attracted significant scholarly attention (Attard et al., 2015;

Zhenbin et al., 2020. OGD involves the proactive release of government-held data to promote transparency,

innovation, and accountability (Charalabidis et al., 2016). While its benefits are well documented— political,

economic, and operational improvements (Janssen et al., 2012)— research also highlights its risks, including

privacy issues, misinterpretation, and inequalities (Zuiderwijk and Janssen, 2014).

Integrating OGD with e-procurement systems can improve efficiency and reduce corruption. Adoption, how-

ever, depends on technical, organizational, and policy factors Wang and Lo, 2016). Yet, without high data
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quality, such integration may fail to deliver set goals.

Data quality remains a central concern in OGD, with dimensions such as accuracy, completeness, consistency,

timeliness, and accessibility frequently cited (Batini and Scannapieco, 2016; Heinrich et al., 2017).

3. Data and Methodology

This study combines procurement data from the TED portal and firm-level data fromMoody’s Orbis, covering

November 2023 to January 2025. Historical exchange rates from the UN Treasury were used to standardize

contract values. TheTEDdataset includes1.7million contract andawardnotices, ofwhich939,165 areunique.

Winner information is available in 259,487 notices, identifying 496,445 winners (209,464 unique). Orbis

provides validation and geographic details for 471,303 entities. CPV codes classify 82.1% of notices, but only

27.6% disclose winner data. Value reporting is concentrated, with 93.9% of tenders falling between €4,544

and €63,379,652. Data was retrieved via the TED Search API in JSON format.

4. Results

The dataset exhibits major anomalies in total value (Fig. 1, Fig. 2). To address these, we excluded contracts

with non-positive values and conducted comparisons between the full dataset and a filtered subset limited to

the interquartile range (IQR).

Fig. 1 – Boxplot of log scaled total values
Fig. 2 – Log-transformed distribution of contract

values

In the unfiltered dataset (a1, n = 859,929), Germany accounted for 19.98% of tender lots, followed by Poland

(12.34%) and France (11.92%). Eastern Europe, including Poland, the Czech Republic, Romania, and Bul-

garia, contributed 26.99%. After filtering out zero-value entries (a2, n = 491,763), Germany’s share dropped

to 9.29%, with only 45,675 of its 171,807 lots reporting a valid value. This highlights major gaps in the Ger-

man data. We then compared total market volume before and after value filtering. Without restrictions (b1),

the total reached €215.97 trillion, which is clearly inflated. According to the European Commission, public

procurement comprises about 14% of EU GDP. Based on 2024 AMECO data (€14,122.3 billion at constant

prices), this would suggest a procurement market of around €1,977.12 billion (€2,533.52 billion at current

prices). Filtering to €4,544–€63,379,652 (b2) yields a revised volume of €1,256.46 billion, more alignedwith

expectations. Figures 1 and 2 show a right-skewed distribution with extreme outliers. Filtering changes the

composition significantly. Germany’s tender share drops by over 10 percentage points, and similar effects

are seen in other indicators. German companies appeared as winners in 19.17% of contracts overall, but this

fell to 10.92% after filtering. The average value of lots won by German firms or consortia including them

was €2.51 million, dropping to €1.62 million after cleaning. These figures reflect inconsistencies due to both

participation and poor data quality.

We analyzed 771,016 contracts with CPV codes across three scenarios: all classified contracts, those with

positive values, and those within the filtered value range. In all cases, Division 45 (Construction Work) was

dominant. The second most frequent category changed from Division 33 (Medical Equipment) in Scenario 1

to Division 71 (Engineering Services) in Scenarios 2 and 3. These shifts reflect the effect of data cleaning on

sectoral distribution.

Of the 939,165 unique notices, 168,149 lacked CPV codes, indicating substantial classification gaps in the

dataset.
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Tab. 1 – Distribution of tender lots per CPV-Code

CPV-Division Code Scenario 1 Scenario 2 Scenario 3

45 18.19% 7.62% 6.95%

71 10.41% 5.04% 4.77%

33 10.30% 6.76% 6.36%

90 5.95% 3.25% 3.11%

79 5.08% 3.17% 2.93%

34 4.82% 2.66% 2.54%

72 4.65% 2.96% 2.79%

50 4.43% 2.78% 2.67%

30 2.52% 1.56% 1.44%

9 2.35% 1.48% 1.36%

5. Discussion & Conclusion

A key issue is the lack of benchmarks to validate total contract values. Without a ground truth, anomalies such

as zero or extremely high amounts (e.g., €1 billion) are hard to interpret, raising concerns about accuracy and

intent. Our comparisons showed that outliers distort results and can lead to misleading conclusions. Missing,

false, or extreme values weaken data integrity and may mask actual spending or signal fraud. Transparency

requires data quality, not just quantity. TED data reveals flaws in inconsistent metadata. Better governance,

oversight, and institutional capacity are needed. High-quality data is essential for accountability, policymak-

ing, and public trust. In conclusion, TED data quality is poor. Frequent missing values and outliers limit its

value for analyzing procurement and undermine the credibility of e-procurement initiatives.
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